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Aconvolutlonal neural network-based autoencoder and machine learning model for
Identifying bipolar disorder patlents using structural MRI features
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(2)Repetition time (TR) / echo time (TE) = 8000/115 ms

(3)Field of view (FOV) : 250 x 250 mm2

(4)Matrix size = 128 x 128

(5)Slices = 40, Slice thickness = 3 mm

(6)In-plane resolution = 1.95 x 1.95 mm?2

(7)Signal average =1

(8)96 noncollinear diffusion weighting gradient directions with b = 2500 s/mm?2

(9)1 null image without diffusion weighting (b = 0 s/mm?2)
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I Machine Learning

False Positive Rate

Confusion Matrix,
Stacking Classification Report

AUC Graph
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Validation_accuracy Test_accuracy ROC curve
RF 0.903 0.871 0.94
ExtraTreesClassifier 0.870 0.854 0.97
GPC 0.887 0.885 0.98
XGB 0.887 0.806 0.94
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Stacking Vaildation Accuracy: 0.9102280456621926 Stacking Classification Report
Stacking Test Accuracy: 0.9032258064516128
precision recall F1-score support
Stacking J& A e
0 0.99 0.81 0.89 31
Actual Negative Actual Positive
1 0.84 0.99 0.91 31
Predicted Negative(0) 25 6
accuracy 0.90 62
Predicted Positive(1) 0 31
Macro avg 0.92 0.90 0.90 62
1.0 - - Weighted avg 0.92 0.90 0.90 62
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= ROC curve (area = 0.96)
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